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Overview

• Schedule-driven traffic control is a decentralized online
planning approach for traffic signal control.

• This approach is a model-based intersection
optimization that depends on the accuracy of control
model and model/setting parameters

• We propose to combine planning and learning to set
these parameters for different traffic patterns.

Conclusions
• Self-improving to stabilize a network is realized 

through learning to configure parameters of the 
model, and real-time responsiveness is still retained.

• Hierarchical abstraction retains both advantages 
from learning and planning.

• Sharing real-time information to neighbors can 
enable decentralized multi-agent learning by 
approximating global state.  
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A Fully Decentralized 
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• Agent (intersection) computes its gradient locally
given neighbors’ actions and the global state of
network.

• The requirement of knowing global state can be
relaxed through utilizing neighbor-shared information.

Experimental Results

Average queue length
and flow rate over T

Average delay
over neighbors and T

Maximum green time

Replay buffer


